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Abstract 

 

Since the end of the nineties, like in most of the Latin American Countries, Uruguay has 

observed a trend toward inequality. In order to explain the increasing inequality, prior 

research focused on several topics like trade openness; market labor policies (like increasing 

the minimum wage or a tax reform) and economical crisis. We analyze the impact of the 

increase in the minimum wage for the period 2004-2005 (in where the minimum wage 

increase 82% in real terms) on the wage distribution by applying the DiNardo, Fortín and 

Lemieux semi-parametric approach. We do not find significant effect of the increase of the 

minimum wage. The counterfactual distribution, that is, the wage distribution if no increase in 

the minimum wage is observed is similar to the actual one. To analyze whether exist 

“employment effect” we follow the procedure suggested by Stewart (2004) and Stewart and 

Swaffield (2006), which consists of a difference-in-difference estimator based on propensity 

score matching. We find a negative employment effect form males living outside of the capital 

Montevideo. 
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1 González  acknowledges financial support from the  dECON: “Premio Nacional de Economía 
Profesor Raúl Trajtenberg: Beca de iniciación a la investigación”. 
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1. Introduction 

 

During the 1998-2007 period we observe an increase in wage inequality (see Table 1and  

Figure 1) that could be explained by several factors. The empirical evidence on this issue is 

usually focused on three of them: 1) trade openness; 2) labor market institutions. All of these 

factors could affect positively or negatively the wage distribution, and thus increase or 

decrease wage inequality. 

 

In what concern to the first one, the degree of openness of an economy affects the wage 

distribution by changes in the output relative prices, mainly for a price-taker country as 

Uruguay, which are strongly connected with the price of labor and capital (Stolper Samuelson 

theorem). In the Hecksher-Ohlin model framework, international trade benefits the relative 

abundant factor. Developing countries are thought to be unskilled labor abundant factor, so 

an increase in trade openness may be followed by a decrease in wage inequality. However, in 

Uruguay at the end of the nineties we observe that wage inequality raise, meanwhile there 

was a gradual tendency toward trade openness2 as a result of regional commitments. One 

possible explanation is that the belief that Uruguay is abundant in unskilled labor is not correct 

because most Latina American countries are abundant in natural resources (Wood, 1999).  

Moreover, Casacuberta and Vaillant (2002) argue that trade openness observed during the 

nineties lead to changes in the productive specialization (change biased to the production of 

output skilled labor intensive), an increase of the wage premium, and the destruction of 

unskilled jobs. These phenomena increase the wage gap between skilled and unskilled 

workers.  

 

With regard to the labor market institutions, the minimum wage could lead to different results 

in the labor market depending on the theoretical framework. For instance, in the “ competitive 

supply-and-demand model” the minimum wage choice implies trade-offs. On the one hand, 

an increase in the minimum wage could produce an increase in the wage of individuals in the 

lower tail of the wage distribution. On the other hand, a minimum wage set above the market-

clearing price could lead to employment reduction, usually called the “employment effects” of 

the minimum wage, and thus offsetting the gains and rising inequality. In contrast with the 
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2 According to the Central Bank of Uruguay statistics, the Trade Openness Coefficient for the period 
1980-1989 was 47.4%, while for the period 1990-1999 it was 76.8%. See also Borraz et al (2009). 



competitive model, the case in which the employer has monopsony power predicts the 

opposite results for employment, an increase in employment and wages as well, whether the 

minimum wage is set between the monopsony level and the competitive level.  

 

For developed countries, the empirical evidence in this matter is not unanimous.  Card and 

Krueger (1995) and Dickens and Manning (2002) do not find negative effect of the minimum 

wage on employment in US and UK respectively. The former authors consider that the 

standard competitive model fails to predict this outcome because it relies on a “number of 

simplifying assumptions”. In addition, Manning (2001) argue that employers have monopsony 

power because of “frictions in the labor market”, which questioned if the standard model of 

perfect competition properly predicts labor market outcomes. Recently, Addison, et al (2009) 

also find robust positive employment effects for the U.S. Retail-Trade Sector. In contrast, 

Neumark and Wascher (2006) review the existing literature -in the US and other countries- 

developed since the beginning of the nineties, concluding that there are several conclusive 

studies that find evidence of negative employment effect (“disemployment effects”) on low-

wage workers.   

 

For many Latin America and Caribbean countries3, Maloney and Nuñes (2001) identify that 

the minimum wage have potential impact on the formal (or covered) sector, as well as, on the 

informal (or non-covered) sector, arguing that the minimum wage work as a reference wage 

for the latter. In this case, the existing literature for some Latin American countries support the 

standard model of perfect competition for the formal sector while the evidence is “mixed” for 

the informal sector (Kristensen and Cunningham (2006)). In this context, an increase in the 

minimum wage implies a decrease in inequality (because of a raise in the wage low-skilled 

workers) and job losses as well. In any of the theoretical frameworks the final result or net 

result depends: on the level of the minimum wage related to the median of the wage 

distribution; on the labor market own characteristics as minimum wage enforcement, the level 

of compliance, reservation wage, sectorial bargains, social security transfers (like 

employment insurance) and; on the employment elasticity of the minimum wage.  
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3 Argentina, Bolivia, Brazil, Chile, Colombia, Honduras, Mexico and Uruguay. 



In Uruguay, González and Miles (2001) analyze the effect of a decrease in the minimum 

wage on the wage structure for the period 1986-1997, in which the minimum wage fell 56% in 

real terms. Following a nonparametric quantile regression approach, they conclude that the 

decrease in the minimum wage did not explain the increase in wage inequality. What is more, 

they observe an upward movement of the lower conditional quantile, which implies a negative 

link between the lower tail of the distribution and the minimum wage. This result could be 

explained by the effect of the sectorial bargains or the low level of compliance of the minimum 

wage. Instead of using the statutory minimum wage as a redistributive tool, the government 

used it as a policy instrument since it was indexed to variables related with the government 

expenditure, like social security, unemployment insurance, pensions, etc. The effective (real) 

minimum wage resulted from sectorial bargains between the employers and the employees.  

 

In 2005, the BPC (Bases de Prestaciones y Contribuciones) took the functions of the statutory 

minimum wage, and the latter became to be used as a real redistributive tool. Furthermore, 

the statutory minimum wage has increased dramatically since 2005 (see Figure 2). For this 

reason, using a semi-parametric approach developed by DiNardo, Fortín and Lemieux, we 

quantify the impact of the increase in the minimum wage on the wage distribution and wage 

inequality for period 2004-2005, in which the minimum wage increase 82% in real terms. This 

methodology enables us to quantify the benefits of an increase in the minimum wage by 

means of counterfactual exercises. So as to carry out this research, we use the National 

Household Survey (cross-sectional data). We do not find significant effect of the increase of 

the minimum wage. The counterfactual distribution, that is, the wage distribution if no increase 

in the minimum wage is observed is similar to the actual one.   

 

In order to consider the “employment effects”, we follow the procedure suggested by Stewart 

(2004) and Stewart and Swaffield (2006), which consists of a difference-in-difference 

estimator based on propensity score matching. We find a negative employment effect form 

males living outside of the capital Montevideo 

 

 

 

 

 



II. Methodology 

 
II.a Dinaro, Fortín, & Lemieux Decomposition  
 

The econometric strategy consists of a semi-parametric approach that enables us to analyze 

the impact of the increase in the minimum wage on the wage distribution. This decomposition 

involves estimating counterfactual densities. That means estimating the density function that 

would have prevailed in year t if the minimum wage has been in the level of year t-1. 

Basically, this methodology involves estimating a weighted kernel density by using a “re-

weighting function”. Once we have the counterfactual density, we calculate different inequality 

measures as the Gini Index and the Theil´s entropy coefficient, for the factual density and the 

counterfactual density to compare the outcomes.  

 

In order to construct the counterfactual density of the minimum wage ��� , we estimate the 

density function of year t that would have prevailed if the minimum wage had remained as in 

year t-1. To do this exercise, we rely on one key assumption: only those who earn below the 

minimum wage will be affected by the minimum wage policy, which implies no spillover 

effects. The strategy involves combining the part of the density below the minimum wage with 

the part of the density function of year t that is above the minimum wage. Formally,  
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Where ( )⋅  is an indicator that takes the value of one when the condition is satisfied and zero 

otherwise. Thus, when ( )[ ] �� �� =≤− −����  the real hourly wage “w” is above the minimum 

wage observed in t-1; ( )���� �
��  is the reweighting function, which makes that the density 

integers to one; 
  is a vector of covariates, in which �
∈  , the set of all the covariates; ��  

represent the minimum wage.  

 

The following step of the formal procedure involves integrating the equation (2) over the 

distribution of attributes: 
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 −===−  and multiplying by the first factor we 

obtain: 
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To estimate the conditional probability for the observation that are below the minimum wage, 

we use a probit model. In the case of the unconditional probability, using the sample weight 

we divide the number of observation of year t by the number observations of year t-1. To 

summarize, we estimate the following equation, which is a weighted kernel function: 
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In the Table 3, we present the output estimation of the probit models, which are necessary to 

construct the reweighting function. The coefficients do not have relevance for the research or 

an interesting meaning. One essential issue related to the estimation of a (weighted) kernel 

density is the bandwidth selection. The estimation of the kernel density is sensitive to the 

bandwidth choice, because different bandwidth produces different estimations. This does not 

occur with the kernel function choice ( )⋅� . There is a trade-off between setting a small 



bandwidth to reduce bias and setting a large bandwidth in order to ensure smoothness4. 

There is not a rule of thumb and the different existing methods have pro and cons (see 

McCrary 2008 for a useful discussion). In this research we use, as a starting point, the 

Silverman Plug-in:  
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Where �� �is the interquartile range; σ� is the sample standard deviation; and �δ is a constant 

that depend on the kernel function. In this case, we use the Epanechnikov kernel function, 

so ����=�δ . The important limitation of the Silverman Plug-in is the assumption that the data 

is normal distributed. We obtain bandwidths between 0.09 and 0.10 for the different cases. To 

unify the bandwidth selection, and considering the visual inspection, we choose the mean of 

the interval 0.09 and 0.10. In addition, and to in partly avoid the problem of setting a fixed 

bandwidth we use the adaptive kernel density estimator5, which is defined as:  
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Where ( ) is the geometric mean over all � . The estimator is based on two stages. The first 

one consists of estimating a kernel density with a fixed � , to get an overall idea of the density 

at each point. Then, in the second stage, the factor λ� �enables to stretch or shrink so as to 

adapt the bandwidth to each point. Therefore, the adaptive kernel density estimation is 

defined as: 
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4See Dinardo and Tobias (2001).  
5 Proposed by Abramson (1982) and developed by Ben Jann (in STATA). 



II. b Employment Effects 

 

To quantify the “employment effect”, we follow the procedure developed by Stewart (2004) 

and Stewart and Swaffield (2006). The intuition behind the analysis is the idea that the 

introduction of the minimum wage (in our case the sharp increase or re-introduction) could 

lead to a reduction of the number of employees in a firm or the number of the worked hours 

per employee. But, as we mentioned above, the direction of the effect depend on labor 

market characteristics.  

 

The ideal way to quantify the employment effect is to compare the outcome of a random 

samples of observations below the minimum, before and after of its introduction (increase). 

Because, this alternative is not possible, Stewart and Swaffield (2006) develop a quasi-

experiment design by means of construction a comparison group based on propensity score 

matching. The idea is to create 4 groups: 1) Treated After (TA): observations in the year t+1 

(after the minimum wage increase) with real hourly wage which lies in interval (MW*0.5,MW); 

2) Treated Before (TB): observation in the year t (before the minimum wage increase), with 

real hourly wage which lies in interval (MW*0.5,MW); 3) Non Treated After (NTA); 

observations in the year t+1 (after the minimum wage increase) with real hourly wage which 

lies in interval [MW;MW*1.25); 4) Non Treated Before (NTB): observation in the year t (before 

the minimum wage increase), with real hourly wage which lies in interval [MW;MW*1.25). 

Once we have the groups we match the units considering its characteristics. Rosenbaun and 

Rubin (1983) show that it is not necessary to perform the matching with respect to the vector 

of personal characteristics X. It is enough to match the propensity score, that is, the predicted 

probability of treatment receipt (in our case program participation) given a vector of 

covariates. Therefore, so as to obtain the artificially created control group one needs to first 

obtain the propensity score for each observation that "orders" observations along a set of 

observable variables.  For each treated observation we find the non-treated observation that 

is closest to the treated observations to serve as the corresponding control observation. That 

is, we obtain predicted probabilities p(X) from a probit that predicts program participation and 

then use these predicted probabilities to match non-treated workers to treated workers. PSM 

method normally assumes that there exists a region of “common support”, in where 

propensity score of treated and non-treated are overlapped and therefore a robust 

comparison can be done.  



 

The estimator is defined as: 
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A double difference-in-difference estimator, in were the K is the kernel weight. ATT1 is the 

Average Treatment effect on the Treated of the group Treated After vs group Treated Before. 

ATT2 is the Average Treatment effect on the Treated of the group Treated After vs the group 

Non Treated After. Finally, ATT3 is the Average Treatment effect on the Treated of the group 

Treated After vs the group Non Treated Before. 

 

The outcome variable is a dummy variable which take the value of one for employed and 0 for 

unemployed. One of the problem of the methodology is that the treatment and non-treatment 

group (or control group) are defined considering the position of each individual in the wage 

distribution, and therefore we do not observe the wage for unemployment people. In order to, 

mitigate this problem; we use an estimated real hourly wage for unemployed people using a 

quantile regression method (see Table).   

 

III. Data & Minimum Wage 

 

This research is based on cross-sectional data from the National Household Survey 

(Encuesta Continua de Hogares, ECH) from 1998 to 2007, which is conducted by the 

National Statistical Office of Uruguay (Instituto Nacional de Estadística, INE). The survey is 

carried out on metropolitan areas of the country (more than 5000 inhabitants), and it includes  

socio-economic information of households and their members. Despite the fact that in 2007 

rural areas and urban areas with less than 5000 inhabitants have also been included, we only 

take into account urban areas with more than 5000 inhabitants in order to be comparable with 

other years, which do not include rural areas. The selected sample is composed by men 

between 18 years old (since worker between 14 and 17 are not entitled in the minimum wage 

law) and 65 years old, with real hourly wage higher than half of one minimum wage6. In 

addition, we exclude people who work in the farming sector and the domestic sector because 

���������������������������������������� �������������������
6 Usually, people with a lower real hourly wage represent survey measurement error.  



they are not entitled in the regulation7. For the reason that in the domestic sector the 

proportion of female workers is close to one, we can not evaluate the impact of the increase 

in the minimum wage in female workers.  We do not have a considerable amount of female 

workers affected by the new minimum wage legislation. Therefore we will focus on male 

workers.  

 

We also keep out the public sector. For the analysis of the “employment effect”, we include 

unemployed people with work experience. The National Household Survey has information 

about the characteristics of the unemployed previous job. 

 

The regulation set a nominal monthly minimum wage, which we divide by 172 so as to 

calculate the hourly minimum wage8. The National Household Survey has information of the 

salaries net of social security and income taxes. Therefore, we consider the minimum wage 

after taxes. Finally, we divide by the consumer price index (CPI, with base in March 1997): 
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where 0.1825 is the social security tax rate. 

 

In order to be consistent with this definition of the Real Minimum Wage, we calculate the (log) 

Real Hourly wage as it follows, 
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In this research, the informal sector is defined as workers without social security benefits. In 

the case of the years 1998 to 2000, there was not a specific question related to the social 

security affiliation. For those years, we define the informal sector as private workers who work 

in small firms (5 or less employees). After 2000, questions related to social security were 

added, and so it simple to determine the informal workers. Analyzing the data for the formal 

and informal sector separately, we find that the minimum wage is close to the informal sector 
���������������������������������������� �������������������
7 See Decree January 4th, 2005. 
8 (8 hours x 5 days x 4.3 weeks) = 172. The decree considers 200 hours in a wage hourly contract.  



wage distribution, mainly for the 2005 (see Figure 3 and Figure 4). For this reason informal 

workers could be more sensible to changes associated with it. This is call “lighthouse effect”. 

And it occurs when the minimum wage is relevant for the informal sector but not for the formal 

sector (see Maloney and Nuñes, 2001).  

 

IV. Results 

 
The Dinaro, Fortín and Lemieux decomposition approach has the advantage of providing a 

visual representation. Figure 5 shows the effect of the minimum wage on the wage 

distribution. The increase of the minimum wage had no effect on the wage distribution or a 

small effect since the counterfactual density seems to be less than the density of 2005 (below 

the minimum wage, see Figure 5). When we look to the inequality measures for all workers 

(see Table 2) we do not find significant effect of the increase of the minimum wage. The 

counterfactual distribution, that is, the wage distribution if no increase in the minimum wage is 

observed is similar to the actual one. Comparing this result with others for the region, we find 

similar effects. In Paraguay, Urdinola (2008), analyze the increase of the minimum wage in 6 

percent (in real terms), for the period 1993-2001. They found that the increase in the 

minimum wage contribute to equality, mainly for younger workers.  The observed a reduction 

of 0.54 in the Gini Index, meanwhile we observe a reduction of 0.1. He found similar results 

for Colombia. In what concerns to the “employment effects”, we find a negative employment 

effect form males living outside of the capital Montevideo, but a positive effect for males living 

in the capital (see Table 3 & 4).  Further research is required to understand the different 

results by region. One possible explanation is the higher levels of unionization in the capital 

Montevideo. We do not find any effect on total worked hours (see tables 5 & 6). 

 

V. Conclusions 

 

The re-introduction of the minimum wage was intended to mitigate wage inequality. However, 

the minimum wage did not contribute toward a reduction of it. Regarding to the negative effect 

that could produce a minimum wage in the labor market, we found two different and opposite 

effects: one positive for the capital and one negative for the rest of the urban country.  Further 

research is required to explain the different results.
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Tables & Figures 

Table 1. Summary Statistics. Selected Sample. 

Variable 2004 2005 

0.447 0.431 Gini Index 
(0.002) (0.005) 

2.8 2.8 
(Log) Real Hourly Wage 

(0.8) (0.7) 

36.6 36.71 
Age 

(12.1) (12.3) 

10.2 10.2 
Education 

(3.5) (3.6) 

20.3 20.5 
Experience (1) 

(12.8) (13.1) 

Informal Workers(2) (%) 
27.7 25.5 

Observations 5,381 6,317 

Source: Own calculation based on the National 
Household Survey. 
(1) Experience = Age - Education - 6 

(2) Between 1998 and 2000 Informal Sector is defined as 
those worker who work in small firms ( 5 or less 
employees); between 2001 and 2007 Informal Sector is 
defined as those workers who are un-affiliated with social 
security system 

Note: Sample Average; Standard Deviation in parenthesis. 

 

 

 

Table 2. Dinardo Decomposition. Men. 

� 2004 - 2005 

Statistics 
Actual 

Density 
2005 

Counterfactual 
Density     

Minimum Wage 

Counterfactual 
Density 

Individual 
Attributes 

Actual 
Density 

2004 

Total Workers: �� �� �� ��

22.30 22.30 21.73 21.49 Mean 
(0.32) (0.32) (0.31) (0.37) 
0.432 0.432 0.426 0.450 Gini Coefficient 
[0.004] [0.014] [0.008] [0.003] 
0.371 0.372 0.362 0.409 Theil Entropy 

Measure [0.003] [0.040] [0.017] [0.005] 
0.520 0.521 0.504 0.604 Variance of Logs 
[0.011] [0.018] [0.001] [0.002] 

Observations 6,430 6,547 6,547 5,482 

Source: Own calculation based on the National Household Survey. 
Note: Bootstrap Standard Error based on 1000 replications in parenthesis. 



Table 3. Difference in Difference Estimator Based on PSM. Year 2004-2005. Outcome Variable: Employed. 

  Treated After vs Treated Before Treated After vs Control After Treated After vs Control Before Estimator 

Region  
Treated      

(1) 

Matched 
Controls      

(2) 

Test of     
��������������	��


������ 
Treated      

(3) 

Matched 
Controls      

(4) 

Test of     
��������������	��


������ 
Treated      

(5) 

Matched 
Controls      

(6) 

Test of     
��������������	��


������ 

Test of 
[(���������������

����������������

	��


������ 

0.84 0.34 0.50 0.85 0.42 0.43 0.87 0.25 0.62 0.31 Montevideo       
(Captial) N = 122 N = 120 N = 105 (0.09) ** 

0.60 0.36 0.25 0.61 0.73 -0.12 0.60 0.60 0.00 0.12 Rest of the 
Urban Country N = 272 N = 262 N = 262 (0.13) 

Source: Own estimations based on the National Household Survey. 

Note: Standard error in parenthesis. Bootstrap standard error based on 300 replications for the After Matching test. 

* signifies statistically different from 0 at the 5% level or better 

** signifies statistically different from 0 at the 1% level or better 

 

Table 4. Difference in Difference Estimator Based on PSM. First Semester 2004-2005. Outcome Variable: Employed. 

  Treated After vs Treated Before Treated After vs Control After Treated After vs Control Before Estimator 

Region  
Treated      

(1) 

Matched 
Controls      

(2) 

Test of     
��������������	��


������ 
Treated      

(3) 

Matched 
Controls      

(4) 

Test of     
��������������	��


������ 
Treated      

(5) 

Matched 
Controls      

(6) 

Test of     
��������������	��


������ 

Test of 
[(���������������

����������������

	��


������ 

0.69 0.52 0.17 0.69 0.49 0.20 0.68 0.12 0.56 -0.19 Montevideo       
(Captial) N = 90 N = 87 N = 85 (0.10) * 

0.59 0.37 0.22 0.60 0.76 -0.16 0.62 0.45 0.17 -0.11 Rest of the 
Urban Country N = 166 N = 167 N = 139 (0.10) 

Source: Own estimations based on the National Household Survey. 

Note: Standard error in parenthesis. Bootstrap standard error based on 300 replications for the After Matching test. 

* signifies statistically different from 0 at the 5% level or better 

** signifies statistically different from 0 at the 1% level or better 

 

 

 

 

 

 

 

 

 

 



Table 5. Difference in Difference Estimator Based on PSM. Period 2004-2005. Outcome Variable: Worked Hours. 

  Treated After vs Treated Before Treated After vs Control After Treated After vs Control Before Estimator 

Region  
Treated      

(1) 

Matched 
Controls      

(2) 

Test of     
��������������	��


������ 
Treated      

(3) 

Matched 
Controls      

(4) 

Test of     
��������������	��


������ 
Treated      

(5) 

Matched 
Controls      

(6) 

Test of     
��������������	��


������ 

Test of 
[(���������������

����������������

	��


������ 

45.7 46.1 -0.4 45.0 47.8 -2.8 44.1 37.0 7.1 -10.3 Montevideo       
(Captial) N = 88 N = 105 N = 88 ������

43.6 45.7 -2.1 44.2 46.6 -2.4 43.8 50.1 -6.2 1.7 Rest of the 
Urban Country 

N = 92 N  = 103 N = 81 (4.0) 

Source: Own estimations based on the National Household Survey. 

Note: Standard error in parenthesis. Bootstrap standard error based on 300 replications for the After Matching test. 

* signifies statistically different from 0 at the 5% level or better 

** signifies statistically different from 0 at the 1% level or better 

 

Table 6. Difference in Difference Estimator Based on PSM. Period First Semester 2004-2005. Outcome Variable: Worked 
Hours. 

  Treated After vs Treated Before Treated After vs Control After Treated After vs Control Before Estimator 

Region  
Treated      

(1) 

Matched 
Controls      

(2) 

Test of     
��������������	��


������ 
Treated      

(3) 

Matched 
Controls      

(4) 

Test of     
��������������	��


������ 
Treated      

(5) 

Matched 
Controls      

(6) 

Test of     
��������������	��


������ 

Test of 
[(���������������

����������������

	��


������ 

45.3 45.8 -0.5 45.2 48.6 -3.4 43.5 38.1 5.4 -9.3 Montevideo       
(Captial) N = 97 N = 100 N = 78 (6.2) 

43.6 45.7 -2.1 44.2 46.6 -2.4 43.8 50.1 -6.3 1.8 Rest of the 
Urban Country 

N = 92 N = 103 N = 81 (4.4) 

Source: Own estimations based on the National Household Survey. 

Note: Standard error in parenthesis. Bootstrap standard error based on 300 replications for the After Matching test. 

* signifies statistically different from 0 at the 5% level or better 

** signifies statistically different from 0 at the 1% level or better 

 

 

 

 

 

 

 

 

 

 



 

Figure 1 

Gini Index 

 
 

Figure 2 

Real Wages and Real Minimum Wage 

Base 1998=100 

 
 



Figure 3. Factual Density 2004. Formal & Informal Sector. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 4. Factual Density 2005. Formal & Informal Sector. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

0
.2

.4
.6

.8
D

en
si

ty

0 MW04 2 3 4 5 6
(Log) Real Hourly Wage

Formal Informal

0
.2

.4
.6

.8
D

en
si

ty

0 1 MW05 3 4 5 6
(Log) Real Hourly Wage

Formal Informal



 

 

 

Figure 5. Counterfactual Density. Decomposition 2004-2005. 
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